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The possibility of leveraging a vast number of decentralized 
gpu processors globally to handle machine learning training 
workloads could provide an unmatched source of global AI 
computational power and exponential increase in training 
speed. The goal is to create a blockchain that allows a 
network of trainers to train various machine learning 
models. The fully trained models would then be stored via 
NFTs alongside the datasets which could be stored and 
accessed via IPFS with a coin based approach as an 
incentive model for network participants.

Using blockchain to store and distribute AI models 
provide an audit trail, and pairing blockchain and AI can 
enhance data security. AI can rapidly and 
comprehensively read, understand and correlate data at 
incredible speed, bringing a new level of intelligence to 
blockchain- based businesses networks.

There exists a need to increase training resources, reduce training time, 
and increase accessibility to trained machine learning models.  The 
Decentralized Training Model for Machine Learning (DTMML) 
focuses on using a network of “trainers” to process machine learning 
smart contracts into fully trained models by utilizing the resources 
(GPUs) of the trainers on the network in parallel. These machine 
learning smart contracts (MLSCs) contain a set of untrained models, 
datasets, optimization parameters, and training limits. The miners 
would then process the MLSCs by batching the massive training 
datasets among all of the miners in the network.  For example, if the 
training data for an MLSC requires training over 100,000 images for a 
Deep Neural Network and there are 1000 miners on the network, each 
miner would only need to train 100 images. After the model is fully 
trained, the trainers would then mint this model as a Non Fungible 
Token.  The MLSCs could serve as a marketplace for third parties to 
access these NFTs, manage the transactions for use of these models 
(while rewarding the original developers for its use), and providing 
additional compute power from the trainers. Datasets for training can 
originate from a variety of sources, with the protocol using native 
support for an IPFS (Inter-Planetary File System) data source. IPFS can 
serve as a repository for untrained data, best models as NFTs, and . For 
very large datasets, the protocol would implement a system for 
batching, throttling, and intelligent data routing for optimal resource 
management.

Blockchain technology offers a high degree of 
transparency, trust, availability, and security, which is 
playing an important role in industry applications like 
automotive, financial services, health care, energy, 
supply chain and many more. Similarly, AI is also 
playing a major role in industry, processing and 
analyzing huge data sets. There exists an opportunity to 
leverage the decentralized computational power of 
trainers/miners within a blockchain ecosystem to vastly 
reduce the resources necessary for machine learning 
workloads.  Additionally, there exists a further 
blockchain-based opportunity to publicly share machine 
learning models in a way that increases accessibility, 
retains authorship, and provides unique opportunities for 
AI-based mashups.
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